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Over half of psychology studies fail to replicate
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100 psychology studies

Smaller effect sizes in 83% of the

replication studies

Statistically significant results:
e 97% of original studies

e 36% in the replications

Source: Open Science Collaboration. (2015). Estimating the reproducibility of psychological science. Science, 349(6251).
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Replicability Reproducibility

Closely matched method Same data analysis method
+ +
New data Same data
Consistent results Same results

According to Clearbout terminology, which differs from ACM's terminology. See discussion in Plesser HE (2018) Reproducibility vs. Replicability: A Brief History of a

Confused Terminology. Front. Neuroinform. 11:76.



http://doi.org/10.3389/fninf.2017.00076
http://doi.org/10.3389/fninf.2017.00076
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“If researchers want to use data or code from my paper,
they can contact me”

data shared aller

no data despile I'st request
promise 1%
A team of psychology researchers requested 20%

data shared after
reminders
16%

data from the authors of 141 articles published
in prestigious psychology journals in the

previous year.

no reply
14%

27% success rate
undechverable
emal

20,
aY% o

refised / unable
ta share data
35%

Wicherts et al. The poor availability of psychological research data for reanalysis. American Psychologist 61, 7 (2006), 726 — 728.



https://psycnet.apa.org/doi/10.1037/0003-066X.61.7.726
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“If researchers want to use data or code from my paper,
they can contact me”

P(data still exist | author responded to the request) ‘

Researchers from the field of biology 1.00 = «
requested data from 516 articles published -
A B

between 2-20 years

0.50 -
The odds of data still exist fall 17% per year 0.25 —

o
0.00 -

5 10 15 20
age of paper (years)

Vines et al. The Availability of Research Data Declines Rapidly with Article Age. Current Biology 24, 1 (2019), 94-97.
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https://doi.org/10.1016/j.cub.2013.11.014
https://doi.org/10.1016/j.cub.2013.11.014

Study materials

Raw data (selactiva)
Raw data (non-selective)
Qualitative procedure
Quantitative procedure
Qualitative output data

Quantitative output data

Software

Hardware

Wacharamanotham et al. (2020) Transparency of CHI Research Artifacts: Results of a Self-

Survey to authors of

CHI 2018, 2019
Shared Nol shared
a4 % ! 86 %
a1 % ! 69 %
20 % ! 80 %
14 % | 86 %
20 % | BO%
16 % B4 %
26 % L T4%
24 % 76
22% | TB%
33 % : B7
15 % | 85 %
22 % 78 %
43 % i 57 %
a7 % ; 53 %
36 % i 64 %
45 S ! 55 %
33 % i 67 %
47 % ; 53 %
50%

D%

Percents of respondents

Reported Survey. In Proc. of CHI 2020.

1
100%

Content analysis of papers from
CHI 2017, 2022

Mapped to equivalent categories on the left

0o %
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2R gy =
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4% e v
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1< 99 %
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Percents of sampled papers

Niksirat et al. (2023) Changes in Research Ethics, Openness, and

Transparency in Empirical Studies between CHI 2017 and CHI n
2022. In Proc. of CHI 2023.



https://doi.org/10.1145/3544548.3580848
https://doi.org/10.1145/3544548.3580848
https://doi.org/10.1145/3544548.3580848
https://doi.org/10.1145/3544548.3580848
http://dx.doi.org/10.1145/3313831.3376448
http://dx.doi.org/10.1145/3313831.3376448

scientific
knowledge

Open

dialogue OPEN
with other SCIENCE

knowledge
systems

Open

engagement
of societal
actors

193 member states of the
UNESCO promote Open Science

“[Open scientific knowledge] also refers to the
possibility of opening research methodologies and
evaluation processes.”

UNESCO Recommendation on Open Science 12


https://en.unesco.org/science-sustainable-future/open-science/recommendation&usg=AOvVaw0mpcXQGARlNvXbH09wg__y

CHI12925 -, ! o

Guide to a Successful Submission

Transparency

Research transparency is of utmost importance in a CHI paper. It allows reviewers to understand and assess
submitted work thoroughly, and it allows members of the research community to understand, analyze, and build
upon the work in published CHI papers. As such transparency is taken inte account very seriously in the review
Process.

CHI papers sheuld strive Tor research transparency regardless of the contrioution type and methadology. Differcns
contricution types, (e g. technical contributions, guant tative studies, and gualitative studies) use different criteria for
255e55ing transparency.

Contributions that are technology-oriented (e.2. a new tachnigue or algorithm) anc contributions that are quantitative

etnirllar 1l Ao Avearmnacts wadtha sratletlsalh anabivad caciiireY aca avnactad ra havuaclflahla canvadiiellhla te v arthace chaiilel lha

Source: CHI 2025 Guide to a Successful Submission



https://chi2025.acm.org/guide-to-a-successful-submission/

Conceptualizing research transparency for HCI

“Research transparency refers to honesty and clarity in all communications about
the research processes and outcomes to the extent possible.”

« "honesty and clarity” — sometimes have trade-off

« “all communications” — among researchers and beyond

« “process and outcomes” — emphasis may differ across research methods

« “to the extent possible” — weigh transparency with ethics, privacy, intellectual
properties, and other values

This preprint gives ideas on how to be transparent in many types of HCI research
(also beyond quantitative)

From a working paper by Yvonne Jansen, Jan B. Vornhagen, Olga larygina, Kavous Salehzadeh Niksirat, Lonni Besangon, Pierre Dragicevic, Julien Gori, and Chat Wacharamanotham.
"The Many Ways of Being Transparent in Human-Computer Interaction Research” https://osf.io/2wze6 _vi

14


https://osf.io/2wze6_v1

Plan

Transparency in planning studies
With a focus on experimental studies

Transparency in data analysis
General concerns + exercises in preregistration

Transparency in reporting
Examples in frequentist statistics + pointers

Transparency in visualizing research data
Principles + examples

Transparency in research materials
What, how, and where to share

15



Transparency in
planning studies



Choices inresearch

Some choices in data analysis

» Choosing between different options of
dealing with incomplete or missing data on
ad hoc grounds

- Specifying pre-processing of data (e.g.,
cleaning, normalization, smoothing, motion
correction) in an ad hoc manner

 Deciding how to deal with violations of

statistical assumptions in an ad hoc manner

Diagram from Marjan Bakker's slide
Choices from Degrees of freedom in planning, running, analyzing, and reporting psychological studies: A checklist to avoid p-hacking (Wicherts et al, 2016) 17



https://nrin.nl/docman/summer-seminar-2021/60-marjan-bakker-research-integrity-in-statistics/file
https://doi.org/10.3389/fpsyg.2016.01832

Choices inresearch

Some choices in data analysis

» Choosing between different options of
d=.12 p=.702
dealing with incomplete or missing data on
ad hoc grounds
- Specifying pre-processing of data (e.g.,
d=.39 p=.083 cleaning, normalization, smoothing, motion
correction) in an ad hoc manner
 Deciding how t | with violati
d= 62, p=.002 eciding how to dea olations of
statistical assumptions in an ad hoc manner

d=.28np=_145

d=.13,p= 516

Diagram from Marjan Bakker's slide
Choices from Degrees of freedom in planning, running, analyzing, and reporting psychological studies: A checklist to avoid p-hacking (Wicherts et al, 2016)
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https://nrin.nl/docman/summer-seminar-2021/60-marjan-bakker-research-integrity-in-statistics/file
https://doi.org/10.3389/fpsyg.2016.01832

Choices in the design phase

Diagram from Marjan Bakker's slide

d= 82 p=.002

Establishing transparency in decisions
made at the research design phase

e Make justifiable choices

e Report the choices made

e Discuss implications of the paths not

taken

19


https://nrin.nl/docman/summer-seminar-2021/60-marjan-bakker-research-integrity-in-statistics/file

Exercise 1: Choices in data analysis (10 minutes)

1. Go to the talk page https://chatw.ch/transparency-4-quant

2. Click on the link to Google Doc workspace, and grab a space on the template

3. Look through the list of analysis choice and choose 2—-3 choices from your case study
4. Briefly describe these choices. (We will use them in a breakout room discussion later.)

Your name: X

(Just in case some participants u¢ Noces Cand dates:
e (example) Al: Chcosing between different options

= Choices in data analysis ad hac grounds

e

hoices in quantitative data analysis

Passibe choloes resazrchers maghs made i data anahysis dne —

al (X8

o A1 CNooE ng betTwesn difercnr options of cealing althing
Fec grouce
v A2 Speclying repracessng cf data e g., deating rom
COMECYon) in a1 &3 hoZ mannar
20


https://chatw.ch/transparency-4-quant

Exercise 2: Discuss choices and changes (20 minutes)

1. In your breakout room, take turn to describe the case study and the analysis choices
(max. 3 minutes per person)
2. Choose one analysis choice from a case to work together.
3. Discuss:
« When might this decision be made?
« When might the researchers change this decision?
« Which factor(s) might have led to this change?

2]



Transparency in
data analysis



Ways to be accountable for data analysis choices

Declare your choices in advance
(preregistration)

Diagrams from Marjan Bakker's slide

Ny

\)

Explore how different choices

affects the results (sensitivity analysis,

. . 23
multiverse analysis)


https://nrin.nl/docman/summer-seminar-2021/60-marjan-bakker-research-integrity-in-statistics/file

Preregistration

A timestamped record of the plan, including information such as
o A brief narrative description of reason to conduct the research
o Explicitly state the intended purpose (exploratory or confirmatory)
o Hypothesis and prediction of the outcome
o Expected analysis method (ideally a script for data analysis)

Evidence of what and when you planned — increase transparency and credibility

$¢OSF = ASPREDICTED

Templates and recipes for preregistering various types of studies are listed on OSF’s Registration Forms and Templates page

24


https://osf.io/zab38/wiki/home/
https://aspredicted.org/

AsPredicted preregistration template

I N AN

Have any data been collected for this study already?

What's the main question being asked or hypothesis being tested in this study?
Describe the key dependent variable(s) specifying how they will be measured.
How many and which conditions will participants be assigned to?

Specify exactly which analyses you will conduct to examine the main question/
hypothesis.

Describe exactly how outliers will be defined and handled, and your precise rule(s)
for excluding observations.

How many observations will be collected or what will determine sample size? No
need to justify decision, but be precise about exactly how the number will be
determined.

Anything else you would like to pre-register? (e.g.,, secondary analyses, variables

collected for exploratory purposes, unusual analyses planned?)
25



Exercise 3: Drafting a preregistration (20 minutes)

Continue with the case you previously chose.
1. Find the relevant preregistration section from the OSF template
2. Pair-write the preregistration text together
» One person write
« Another person help thinking and discussing and take notes of findings from

this drafting process. Prepare them as input to the plenary

26



Preregistration
“Preregistration is a plan, not a prison”!
Circumstances that unfold after filing a preregistration may necessitate adjustment
- If you haven't seen the datq, file a new preregistration with explicit reference to the
previous plan
« Explain the reasons for deviation in the paper
You may add further exploratory analyses as long as they are clearly separated from

the preregistered analyses in the paper

Use pilot studies to inform your decisions

Preregistration: A Plan, Not a Prison (DeHaven, 2017 on COS blog)

27


https://www.cos.io/blog/preregistration-plan-not-prison#:~:text=Am%20I%20forced%20to%20stick,is%20not%20a%20prison%20sentence.

Preregistration
Critique: “But most studies in HCI are iterative and exploratory”
* Preregister the exploratory intention and initial hypotheses

- Benefit: Reviewers cannot challenge that the exploratory analyses comes from failing

to achieve statistical significance from other tests'!

[1] HARK No More: On the Preregistration of CHI Experiments (Cockburn et al, CHI 2018). The arguments from HCI researchers’ perspective makes this paper

worth reading as a whole.

For CHI double-blind reviewing process, see instruction for sharing anonymized preregistration in section 3 of Open Practices in Visualization Research
(Haroz, 2018, BELIV position paper)

28
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Transparency in
reporting



Faithfulness: Strive to capture and convey the “truth”
as accurately as possible, especially concerning the
uncertainty within the data.

Robustness: Prefer data analysis and reporting
strategies that are robust to departures from statistical
assumptions—or that make few assumptions
Resilience: Data analysis and reporting strategies
should yield similar outcomes across hypothetical
replications of the same study.

Process transparency: Communicate the decisions
made during the analysis and report writing as

explicitly as possible.

Transparent statistics guiding principles

Clarity: Study reports should be easy to process—
even when they target experts.

Simplicity: Prefer the simplest procedure even if it
is slightly inferior in other respects.
Non-contingency: Outside exploratory analyses,
data analysis and reporting strategies should
avoid decisions that are contingent on data
Precision and economy: Plan for data quality, high
statistical power, and high statistical precision
Material availability: Sharing as much study

material as possible

Transparent Statistics Guiding Principles. (Transparent Statistics in Human—Computer Interaction Working Group, 2019)

30


https://transparentstats.github.io/guidelines/principles.html
https://transparentstats.github.io/guidelines/principles.html
https://transparentstats.github.io/guidelines/principles.html

2. Robustness: Prefer data analysis and reporting strategies
that are robust to departures from statistical assumptions—or
that make few assumptions

1 2 3 4 5 6 7 8 9
Not at all effective Very effective

Some people tend to avoid extreme answers, the difference between the

rating 5 and 6 may be smaller than those of 8 and 9.

A. Parametric test (e.g., t-test or ANOVA)
B. Nonparametric tests (e.g., Wilcoxon tests, or Mann-Whitney U test)

31



4. Process transparency: Communicate the decisions made
during the analysis and report writing as explicitly as possible.

A. The difference is not statistically significant (p = 0.5)
B. The Wilcoxon test is not statistically significant (W =1762, p = 0.5)
C. The Wilcoxon rank sum test is not statistically significant (W = 1762, p = 0.5)

32



5.Clarity: Study reports should be easy to process—even when
they target experts.

A comparison of a novel physical user interface prototyping system

(technique B) to the previous state of the art (A)

A. The feedback time differs by 104 ms (95% CI: [81,126])

B. Technique B has lower feedback time than A by 104 ms (95% CI: [81,126])

C. [..] Technique B's feedback time tend to be less than the threshold of human
perception (less than about 100ms).

D. Technique B has lower feedback time with Cohen’s d =0.2

33



Checklist for reporting statistics: The SAMPL Guidelines

(Lang & Altman, 2016)

General Principles for Reporting Statistical Results

Reporting numbers and descriptive statistics

* Report numbers—especially measurements—with
an appropriate degree of precisior. For case of
cemprehension and simphicity, round as much as 1s
reasonatle. For example, mean age can often be
rounded w the nearest year without compromising
cither the clinical or the statistical analysis. If the

smallest meanngful difference on a scalo is §
peints, scores can be reported as whole numbers;

decimals are not necessary.

* Report total sample and grosp sizes for each
analysis,

* Report numerators and denominators forall
percentages.

* Sunmarize data that are approximately normally
distributzd wity means and standard devistions
(SD). Use the form: mean (SD), not mesn + SD,

* Sunimarize data that ace not normally distributed
with mecians and interpercentile ranges, ranges, or
both. Report the upper and lower toundanes ot
intzrpercentile ranges and the minimum and
maximur vialues of ranges, not just the size of the
rarge

* Do NOT use the standard error of tie mean (SE) to
incicate the variability of a data set. Use standard
deviations, intes-percentile mnges, or rarges
instead.

* Display the data in tables or figures, Tablzs present
exact values, ard figures provide an overall
assessment of the dats,[42,43)

34


https://journal.emwa.org/statistics/statistical-analyses-and-methods-in-the-published-literature-the-sampl-guidelines/

Checklist for reporting statistics: The SAMPL Guidelines

(Lang & Altman, 2016)

Reporiing hypothesis tests

« State the hypothesis being tesied.

* Identify the variables in the analysis and summanze
the data for cach variable with the appropriate
descriptive statistics,

* If possible, identiy the minimum difference
considered to be clinically important.

* For equivalence and non-inferiority studics, report
the lurgest difference between groups that will still
be accepted as indicating biological equivalence
(the equivalence margin).

« Identify the name of the test used in the analysis.
Report whether the test was one- or two-ailed and
for paired or independent samples.

« Confirm that the sssumptions of the test were met
by the data.

* Report the clpha kvel (e.g., 005) that defines
statistical significance,

* Atleast for primary outcomes, stch as differences
oragreement between groups, d:agnostic
seasitivity, and slopes of rzgression lines, report a
measure of precision, suck as the 95% confidence
inlerval.

* Do NOT use the standard crror of the mean (SE) w
indicate the precision of an estimate. The SE is
esscntially a 63% confidence cocfficiant. use the

95% confidence coefficient instead.

* Althougt not preferred to confidence interva's, if
desired, P valuee ehould b repocted ac equalities
when passible and te one or two decimal places
(eg., P« 0030r 022 notas inequalities: e g P <
0.05). Do NOT repoct “NS"; give the actual P
vadue. The srallest P value that need be reported i
P <0.001, save in studies of genetic associatons,

* Report whether and how any adjestmeats were
made for multiple statistical comparisens,

» Name the statistical software package used in the
amalysis


https://journal.emwa.org/statistics/statistical-analyses-and-methods-in-the-published-literature-the-sampl-guidelines/

Reporting null-hypothesis significance tests

Choice of the test must match

statistical assumptions

Degrees of freedom can rescue your

paper

statcheck.io: Check consistency
between the p-value and parameters

(e.g. t, F, and their degrees of freedom)

statch=ck

statcheck on the web

To checia MDF, DOCX o HTML fle for erors in aasatcal reportng, uplcad * kelow

Mcre infomaticn on s progam s avaidahle has

(Lurmaety n bela - Jease 1 . 1 about any enors )

Unlcac files (pdf, hanl, or docx:
Bowse

The prevalence of statistical reporting errors in psychology (1985-2013) (Nuijten et al, 2016)

Statcheck tutorial (Nuijten & Polanin, 2020)

36


http://statcheck.io/index.php
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https://doi.org/10.1002/jrsm.1408

Transparency through

visualizing research data



What can you say about these two 95% confidence intervals?
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Summaries can obscure important relationships in distributional data
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Visualizing uncertainty in the results

Expressiveness principle: the visual representation
should represent all and only the relationships that

exist in the data!2

Expressiveness is a proxy to transparency

[1] Mackinlay, J. (1986). Automating the design of graphical presentations of relational information.
[2] Munzner, T. (2014). Visualization analysis and design. CRC press.

¥

A

mervas (€A CIH

40


http://dx.doi.org/10.1145/22949.22950
https://www.taylorfrancis.com/books/mono/10.1201/b17511/visualization-analysis-design-tamara-munzner

Visualizations of data can vary on a spectrum of expressiveness
Choices of visualization is an aspect of research transparency

4]
Liu et al, 2018 (IEEE VIS)



https://doi.org/10.1109/TVCG.2018.2865193

Would you stay
or evacuate?

Usable visualizations
support users in making
accurate inferences

Liu et al, 2018 (IEEE VIS)
Padilla et al, 2018 (CRPI)



https://doi.org/10.1109/TVCG.2018.2865193
https://doi.org/10.1109/TVCG.2018.2865193
https://doi.org/10.1186/s41235-018-0120-9

Dietary Reference Intakes (DRIs): Recommended Dietary Allowances and A

Food and Nutrition Board, Institute of Medicine, National Academies

Life Stage Vitamin A Vitamin C Vitamin D Vitamin E Vitamin K Thiamin Ribc
Group  (ng/d* (mg/d) (ug/d> (mgd)® (ugd) (mgd) (mg

Infants
0—6 mo 400%* 40* 10* 4% 2.0% 0.2%*
6—-12 mo 500%* 50% 10* 5* 2.5% 0.3*
Children
13y 300 15 15 6 30* 0.5
4-8y 400 25 15 7 55% 0.6
Males
9-13y 600 45 15 11 60* 0.9
14-18 y 900 75 15 15 75% 1.2
| — ————

Dietary reference intake (Food and Nutrition Board, Institute of Medicine, National Academies) 43



https://www.ncbi.nlm.nih.gov/books/NBK56068/table/summarytables.t2/?report=objectonly
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Dietary reference intake (Julius Senegal)

100 %

50 %

S]0a)@ asianpe |0 Y5
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https://commons.wikimedia.org/wiki/File:Dietary_Reference_Intakes.svg

Uncertainty matters

Without uncertainty, viewers may come to incorrect conclusions about the data.

Showing uncertainty:
e Increases scientific credibility
e Increases trust

e Let them tune their expectations and assumptions correctly

Usable visualizations support users in making accurate inferences
Showing uncertainty contributes to usability

45



Forecasts of Incident weekly deaths in Alabama as of 2021-09-04
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usability o

viz.covidi9forecasthub.org | Reich Lab of the University of Massachusetts Amherst

Padilla et al, 2022 (Nature, Scientific Reports)
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http://viz.covid19forecasthub.org
https://doi.org/10.1038/s41598-022-05353-1

Forecasts of Incident weekly deaths in Alabama as of 2021-09-04
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viz.covidi9forecasthub.org | Reich Lab of the University of Massachusetts Amherst

2022 (Nature, Scientific Reports)

Padilla et al, 2022
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Forecasts of Incident weekly deaths in Alabama as of 2021-0%-04
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viz.covidi9forecasthub.org | Reich Lab of the University of Massachusetts Amherst Padilla et al, 2022 (Nature, Scientific Reports)
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Forecasts of Incident weekly deaths in Alabama as of 2021-09-04
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Research transparency through visualization

Balancing tradeoffs between:
Expressiveness: Faithfully represent the data, and

Usability: Support users in making accurate inferences from the data

No single best answer

Consider context, data set, and audience when making these decisions
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Transparency in

research materials



What to share?

pants to 2licit their responses (e.g., visual simuli used during experiment
ot questionnaires).

Raw data

e B. Selective: Data collected al researchers’ discretion (eg., field
notes during ethnographic study)
« C. Nonselective: Cata colected withou: resea'cher discretion at the

time cf collection, (e.g., task comgletion limes lcgged by software)

Data processing procedure
« D. Qualitative (e.g. coding manual)
« E. Quantitative (e g., statistice analysis script)

Processed data

e F. Output from qualitative processing: human involvad in interpreta-
tion (e.g., transcription, annotatiors, and categorizatior)

« G. Output from quantitative processing: human may involve in defin-
ing the rulee but not making judgemente at the time of proceseng (e.g.,
error 1ate and outliers)

Prototypes

* H. Software: Executables and/or source code, 2xcluding those in E.

« |. Hardware: (e.g., 3D desgns, cicuit diagrams)

A Study materials are produced by researchers and presented to partici-

For extensive discussion on materials, misunderstandings, and how to share, see:

Ethical considerations:

e to study participants

e to taxpayers who fund your research
Consult your IRB.
Simple anonymization (rename participant ID and
shuffle the order) sometimes suffice

If cannot share (e.g., research on company
confidential data),

e Share aggregated statistics at the as close to
raw as possible

e Describe what materials are generated and
provide justification in the paper

Wacharamanotham et al, (2020). Transparency of CHI Research Artifacts: Results of a Self-Reported Survey. In Proc. of CHI 2020.
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http://dx.doi.org/10.1145/3313831.3376448

How to prepare materials for sharing?

Interoperable file formats, e.g., text csv, Excel Open XML (.xIsx)

«~ Guide on how to organize data in spreadsheet

A clear entry point: README.txt, README.md, or index.html

«~ Github repository template for organizing data

Data dictionary:
Which file containing what data
Column: name, readable description, unit of measurement, and range

«~ OSF quide on data dictionary

For detailed discussion on the whole research materials management process, see Good enough practices in scientific computing (Wilson et al, 2017)

A guide on data organization: A reproducible data analysis workflow with R Markdown, Git, Make, and Docker (Peikert & Brandmaier, 2019)

For ultimate reproducible research compendium based on R, check the rrtools package.

53


https://doi.org/10.1371/journal.pcbi.1005510
https://doi.org/10.5964/qcmb.3763
https://github.com/benmarwick/rrtools
https://www.tandfonline.com/doi/full/10.1080/00031305.2017.1375989
https://github.com/gchure/reproducible_research
https://help.osf.io/article/217-how-to-make-a-data-dictionary

Examples supplemental material organization

Structure of this repository

* malyses
a axolR
o helper scripts
= ClhelparR
= plotting functices.R
= daia
@ expl.osvy
o expl_column-descrplion.csy
a explosy
o exp?_colamn-description.csy

= ravs data
" op2-compiete-column-descriptor.csy

" oxp2-comprete.csy
" oxpZ-raw-BART-gata-column-descrotonesy
" oxpZ-raw-BART-datacs

* markgown
2 expl.md - The complete analysis script for expenment 1

Jansen & Hornbeek (2018) https://github.com/yvonnejansen/posture
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https://github.com/yvonnejansen/posture

Examples supplemental material organization

column_id
Timestamn
In_charge
povier
fataue
dif‘icul:
p_id

naint..
helght
aerder

cong tion_nr

data_lype

1me
Imager
meqer
msgar
insgar
incyger
inmnger
ineger
string

megear

cene Lon_nams  sliing

range

71
(%]
s
.71
[144)
.71

[155,195)

121

description

timestamp when the partis anar complets the exprrimenr
seif--eported fealing In crerje measure
seit-"eported sense of poner
self-"eported 1atique

sell--eporlad lask cilficully

partic vantid

anf-“oported pain

partiz sar's height In cm

partic 2a1t's gencer

numer cal ccnd tion ase ¢~ ment

condilicn sssignment as slriing

Jansen & Hornbeek (2018) https://github.com/yvonnejansen/posture

cxacl_gquestion

o waat extena do you ‘eelIn z1ame?
How powerful do yvou 1sel?
Lid you t1nd this task tatiquingr

Did you Tnd itdifficult W held your body in the raguirec por

Dl yau thad irpaint. o aold your hady 2 the reaqiied pos
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Where to share?

o S2OSF

P I I
.l.l““.l.h....b

[ata and supplementary materials have . . Metadata and data are understandable | One-stop .serV|.ce for Good for' big (>1GB) files,
sufficieatly rich metacate znd a unique - to humans ard machines. Darals -+ whole project life cycle Has versioned DOls
and persistent identiher, P depusited in a trusted repository. :
FINDABLE : ACCESSIBLE .
; S ; re3datar
4 P 1 1 FEGSTRY OF RESEARCH DATA REPOSITORIES
© Metadatause a formal, accessible, 6 4 Data and collectiars hava a clear : m
: shared, and broady applicable language @+ usage licenses and provide accurate
g for knavdedpe reprecentation. L 3 infarmation on provenance. : Search engine for specialized data
3 INTEROFERABLE - REUSABLE 4 .
R R R R R R R R R R R E R R E R R T '0.......I.l.l.l....l...l.’ repOSItorleS

Diagram: LIBER Europe
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https://libereurope.eu/article/fairdataconsultation/
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http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://osf.io
http://zenodo.org
http://re3data.org

Where to share?

Catz and supplementary materials have
sufficizatly rich metacate z2nd 2 unlque
and persistent identiher,
FINDABLE

B .
e re s e s ses®

LI
LR
L
.
L
.
.

"

Netadzta use a formal, accessible,
shared, and broad'y applicable languagze
for knavdedpe reprecentation.
INTEROFERABLE

P R
L R R

Diagram: LIBER Europe

P T R

PR R R R Y

Metadatz and data are understandable
to humans ard machines. Dara Is
deposited in a trusted repository.

ACCESSIBLE

R
.

.. - -
L R N Y -

B
e

Data and collectiars hava a clear
usage licenses and provide accurate
infarmatinn on prevenance.
REUSABLE

B I R R N

P et ra s st s v

L T R I I

rDIGITAL
LIBRARY

& Findable: Same DOI as the paper,

ACM

but materials are in single zip file

Accessible: Supplementary
materials has no paywall (but not

widely known)

Some SIGCHI conferences only allow
a video preview as supplementary
material
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Where to share? o GitHUb

3 |'/"‘:\ : Findable
\‘,/ : ‘{ t} Interoperable: GitHub forking,

o
l
|

. Datz and supplementary materials have . . Metadatz and data are understandable | .
+ sufficiently rich metacate znd a unique -+ to humans ard machines. Data s+ Git submodule
. and persistent identiher, deposited in a trusted repository.
FINDABLE P 4 ACCESSIBLE ; )( Aceessible: Repositories are

oooooooooooooooooooooooooooooooooooooooooooooooooooooo
------------------------------------------------------

deletable — broken link, Whodunit?

y L "\ ; '/" \\ 4
) R)
74 : \ e :
Metadata use a formal, accessible, ' ' Data and collectians hava a clear : Recommendation: Add a snopshot
: shared, and broad'y applicable language : +  usage licenses and provide accurate )
for knavdedpe representation. P 9 infarmatinn on provenance. R of GitHub to OSF or Zenodo
NTEROPERABLE * REUSABLE C

R I I I B R R B R R R R R R R R R R R R R R R R T E T

Diagram: LIBER Europe


https://libereurope.eu/article/fairdataconsultation/

bIe Accessible Interoperable Reusable
\*4

Collective  Authority Responsibility Ethics
Benefit to Control
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L] L]
principles
Originally developed in the context of indigenous data, we think the

Collective  Authority Responsibility Ethics principles could be applied broadly. Below are our generalized wording;
Benefit  to Control for the original, see: https://www.gida-global.org/care

Collective benefit: Data ecosystems shall be designed and function in ways that enable
inclusive development, improved governance, and equitable outcomes

Authority to Control: Recognizing the rights and interests of people involved in
generating the data, especially their rights to free, prior, and informed consent in the
collection and use of the data

Responsibility: Researchers are responsible for sharing how the data are used to support
collective benefits as well as benefits to individuals who involved in generating the data

Ethics: Minimize potential harm and maximize the benefit of people involved
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Sharing sensitive data

Ethical concerns? Consider using one of the Protected Access Repositories

" Data brory PsychData
AUTHORIZED ACCESS Terms of Use

Impartant infarmation about the use of rescarch cata

To reccive roguested rescarch data, the terms of use st boe
neceptad by mannk of a data can agraamant, which I« amployed to

Cre of Datahrary's cistinguishing teatures is that it pravices a proven tramework prevent the commersal use of data i well 3 Lo protect the interests
. of tha data providers and sansurs tha anonymity of research subincts.

fer sharing sensitive and identifiable data within a wusted newwork of authcrizec

researchers.

w The relinquist e Jota ardd ssocigied iralenals may only be
usad fer the purpese of acacemis research and Inzstracten.

* Tre relinquiznec Matedals may not o “armardad to third

To achieve this, access tc restricted marterials on Databrary requires institutiona g;:'r‘;:"f:'l'z""';’l':;t;':::ﬁ'; ::;Jo;;‘;l';::l:;’c';;:'r:_j;‘:';;‘:;:;‘_
authorization via the ferma Databrary Access Agreement and its three annexes. v e uphslid,

Annex Lis a Statemernt of Rights anc Responsibilities. Annex || can be used to acc v Ay publicatien thel i bisied completaly or partially an the
additienal investigators to Databrary from an institution AFTCR the intal ful ;f.::zflfhfxiﬁafﬁz?f’?:ﬁc.:mﬁf:ﬂf.'?;m e
agreement has been completed by an invest.gatar and the nstitution’s Authorizec ® ThtwZHD thi be biformaad shek puicationt Lhat sen brad
Orgarizational Representative. Annex |l is the Databrary Access Cuide. It . ;’; m:::: r;a:mwa:r :_\;”;:;w::u:;;z o e
descrines sorme of the core Databrary policies and practices that are important for ek,

imstitutions and researchers to understand and abide by.


https://osf.io/tvyxz/wiki/8.%20Approved%20Protected%20Access%20Repositories/
https://nyu.databrary.org/
https://nyu.databrary.org/
https://nyu.databrary.org/
https://www.psychdata.de/index.php?main=take&sub=empfang&lang=eng

Sharing sensitive data

Ethical concerns? Consider using one of the Protected Access Repositories

4.+ OSFHOME ~

(Y & Appy oved Protecied A

0O wug

' romierg a L& | |
™ view
g v ) ' ) 4 +
+ B Canpareet Wil Page: o Inchding the N 1
o The Natiow r f ¢ athe I
e N ML d v |
* The Nabosa abase ! Tr pelated lOM a
¢ OCR. Owaltatve Data Repostony
a - rar nfeh 5
g nan (onnecome F1 1p )
o Daadrany(Pariculrhy gaod for protecied accss te vdeo dnta
- Y
. § -
. b ) )
e M f ' {ae
v )
* IM»
¢ The LK Riahanc £ Ao NG at e i a (250100 15 (onver Adminat atw cacs af

evhatng etiial asdlegd complarce with dats requests)

MO st reponitoe ey imay e fosasdd undeg ©we “reyr st scoen ™ M gt RS Daae

https://osf.io/tvyxz/wiki/8.%20Approved%20Protected%20Access%20Repositories
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https://osf.io/tvyxz/wiki/8.%20Approved%20Protected%20Access%20Repositories/

Pointing the readers to the shared materials

Crossing the paywall: Link to the FAIR repository at the end of the abstract

Severd ficlds of scic smensmg & rephoatioe enses™ ABSIRACT

el v ~EL A I8 N
'hc.-:l his nepmv:lcy i.nxmr?hvr cxﬁ‘hil::?kcmorg the Statistical charts complement textuil reports by visualizing overall
valdity of 1 cortribution va replicabality of ils experimental patterns or relations o the data. However, Javout algorithims may
evidencs and ~cproduzability o 12 analysc: requires accoss place charts far from their associated text. Such distant plscement
w0 relevant stady materals, data, and code. Faillng t> share . o= a . -
‘e Emits 3¢ ability to scrutinze oc build-upon the resserch, ean eange resaking dithenlties, or worse, s misinterpretetien. We con-
alumaely hinderng sclzat fiC progress, ducted an eve-tracking experiment ¢ ccoparing rexding behaviors
Understanding how the diverse rescarch art facts in 1C i in twa proximity levels: Placing text and chart on the same page.
»act sharing can help peoducs infomred recommrendstions foe versus placing them an twa different pages, The results indicate that
ndividual “esearches and palicy-maten in HCL Thersiore, the proximity inthicnce s text-reading stronger than ehart- reading
3ﬂm°;;:’ﬁ";:ﬁi;:::t§'zm"::ﬁ:;g: hehaviar, We discuss desizn implications tar text-chart layout al-
et wnd why (key danot The resalte (3% mesponse ) govithms and practices. This paper and all dats and materials are
show that sharieg 15 uncomeman, paridy due 1 misunderstand- -fm-ly availahbe at htpesyosfsoiyunt@

s abeat the pur puse ol shar g wed 1clidb e Lustiag, We
serctude with reccmrwrdatiors for fostering open ressarch
arachices

Thais paper and ] dass sod oeserials are frecdy availablke w

- attpsslasi. o/ Soabt,

Transparency of CHI Research Artifacts: Results of a Self-Reported Survey Asymmetric effect of text-chart proximity on reading behavior
(Wacharamanotham et al, 2020) (Yang & Wacharamanotham, 2020)



http://dx.doi.org/10.1145/3313831.3376448
https://doi.org/10.1145/3419249.3420184

Sharing vs. the anonymized reviewing process

When you submit the materials to an anonymized reviewing, consider:

e Preregistration: OSF: view-only link AsPredicted: anonymous PDF

e Source code;

o The absolute paths may contain your name

o Github URL may contain your name or user ID

Although it is the due-diligence of the authors to anonymize materials, minor

oversights is not a reason for rejection
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https://help.osf.io/article/155-create-a-view-only-link-for-a-registration
https://help.osf.io/article/155-create-a-view-only-link-for-a-registration

Exercise 4: Brainstorm research materials and sharing concerns
(10 minutes)

Continue with the case you previously chose.

1. Brainstorm possible 2—-3 research materials that may be generated

2. Choose one research materials and brainstorm 3 concerns that people may
have against sharing

3. Discuss ways to mitigate that concern
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Reflection



Reflection on research transparency

More transparent = more work?
e Some learning needed for the first time, effortless later on
e Pays off: Better methodological rigor to self and to reviewers

e Small step: How can my next paper be more transparent than the last one?

Cultivating research transparency culture

When giving feedback or writing reviews, instead of penalizing the lack of transparency:
e Describe what could be improved
e Describe good consequences of the improvements

e Point to guides and examples
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Motivating research transparency in HCI

Make it required
Make it rewarding

Make it normative
User experience : Make it easy

infrastructure Make it possible

Source: Center for Open Science strategy for scale sustainable adoption of open behaviors by researchers
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http://www.cos.io/blog/continuing-acceleration-new-strategicplan
http://www.cos.io/blog/continuing-acceleration-new-strategicplan

Choices in research
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Where to share?

@) e | #0SF e

re3datam

B DR o

Chat Wacharamanotham
chat@ifi.uzh.ch

This tutorial is designed based on the open materials of the courses presented at CHI 2022-23
by Chat Wacharamanotham, Fumeng Yang, Abhraneel Sarma, Xiaoying Pu, and Lace Padilla.

https://osf.io/27r5z 69
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